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Cultivate talents with professional biomedical field of artificial intelligence and integration capabilities
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Machine learning and algorithm  |MEEBBIRZETNEM DB TEY — - MESAREZEER AR PIIBEURNIE
12 BREOEMARHEER - 9 ARERER(CEREBHIERZE Z#R
FE DBEEEANTEZBEEEANT -

The goals of this course is to train the attendances to improve quality of
diagnosis/treatment through computer assistance. Both the idea of machine
learning and algorithms will be included. The attendance will learn to
balance the medical and industrial need.

BIEET SIEERRENESERVBEABRS VRENLZSHE 2&E - 5EEH
Programming Design BRSO REARREXRES - EMEAENRNKEABERES - ZiHtHSEH

BERZENERAR  BEHEARFABRERX AT - RIHBEBEEAEE
= ERXENERNSNEENESEE  BESENEINEREREE N RE
BERBEABORE LIS EHEA

The overall future roadmap will be specified according to the
attendances. Achieving the basic programming ability to improve the quality
of diagnosis/treatment is the plan for the non-programmer; developing the
specific solutions to leverage both medical and industrial achieving is what

we expected for the attendance with programming experience.

BEEEMARE BENHBERESHRABEER - RS  FEWESRRABESZE
Medical application design HERE  BEBELEEREESSBNEES  BESEATEIBEREEFZAT

The attendances will be trained to be familiar with the clinical issues on

bio-engineering, such as bio-signal / imaging processing, to meet the

industrial need.
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at least 1 course by Professional Master Program in Artificial Intelligence in Medicines.
Graduate course credits earned at other graduate programs in accredited institutions may be
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To understand how to achieve broad impact of clinical decision support on patient safety, health
care quality, and health care cost-effectiveness.

1. the issues involved in identifying what kinds of decision support are useful for these purposes
2. the problems and challenges that must be addressed in order to broadly disseminate and
replicate these successes so that the long-anticipated benefits can be realized.

3. to identify how various stakeholders will need to participate, and the resources, commitments,
and coordinated, sustained effort that will need to be marshaled.

To know the current trend of Computer-based clinical decision support (CDS): History, Concepts
and origins, Cases studies, Generation and formulation of knowledge, Representing the knowledge:
Standardization, Knowledge managements approaches

Flease refer to the syllabus

BbEE s
(100%)
0,
AMBEEREE 40%
20%

CEESN
C BEERARE o
Team project and reports
HEHE20% ERHEA0% BEAHSL0%

Medical Decision Making (Second Edition) - Harold C. Sox, Michael C. Higgins, Douglas K. Owens
(Wiley-Blackwell, 2013)
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Course Introduction
CDS: Definition, Scope, and
Challenges

Brief History, Method &
Features

Case studies: Regenstrief
Medical Informatics

Case studies: Big Data
experience in Emergency
Room

Case studies: Brigham and
Women' s Hospital (BWH)

Case studies: Massachusetts
General Hospital (MGH)

Case studies: LDS Hospital
Experience

Penetration and Availability of

CDS in Commercial Systems

Complex model issue

Human-Intensive Techniques

Weka, Machine Learning
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Course Introduction
CDS: Definition, Scope, and
Challenges

Brief History, Method & Features

Case studies: Regenstrief Medical
Informatics

Case studies: Big Data experience in
Emergency Room

Case studies: Brigham and
Women' s Hospital (BWH)

Case studies: Massachusetts General
Hospital (MGH)

Case studies: LDS Hospital
Experience

Penetration and Availability of CDS in

Commercial Systems

Complex model issue

Human-Intensive Techniques

Weka, Machine Learning
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Reimbursement Coding

Statistical Method

Evidence-Based Medicine and

Meta-Analysis

Case discussion I

Case discussionII

Case discussionIl

Case discussionlV
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Statistical Method

Evidence-Based Medicine and Meta-

Analysis

Case discussion I
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Case discussionIl
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