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Cultivate talents with professional biomedical field of artificial intelligence and integration capabilities
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The goals of this course is to train the attendances to improve quality of
diagnosis/treatment through computer assistance. Both the idea of machine
learning and algorithms will be included. The attendance will learn to

balance the medical and industrial need.
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The overall future roadmap will be specified according to the
attendances. Achieving the basic programming ability to improve the quality
of diagnosis/treatment is the plan for the non-programmer; developing the
specific solutions to leverage both medical and industrial achieving is what

we expected for the attendance with programming experience.

BERERRE BENHBEESHRARERER - METHR  FEWHRARABES2E
Medical application design FERE  BEBLEBERUBRSEBNEAES  BESEATEZBREEZEAS

The attendances will be trained to be familiar with the clinical issues on

bio-engineering, such as bio-signal / imaging processing, to meet the

industrial need.
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To understand how to achieve broad impact of clinical decision support on patient safety, health
care quality, and health care cost-effectiveness.

1. the issues involved in identifying what kinds of decision support are useful for these purposes
2.the problems and challenges that must be addressed in order to broadly disseminate and
replicate these successes so that the long-anticipated benefits can be realized.

3. 1o identify how various stakeholders will need to participate, and the resources, commitments,
and coordinated, sustained effort that will need to be marshaled.

To know the current trend of Computer-based clinical decision support (CDS): History, Concepts
and origins, Cases studies, Generation and formulation of knowledge, Representing the knowledge:
Standardization, Knowledge managements approaches

Please refer to the syllabus

i AE —
(100%)

ARBRERREEE 40%

B IRt 20%
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Medical Decision Making (Second Edition) - Harold C. Sox, Michael C. Higgins, Douglas K. Owens
(Wiley-Blackwell, 2013)

=

A=
ZIBHBGEERD)
FENE
&
= E= W
$_EE I EE
&
&
T

My2TMU

FEARETHNERERTAAHTREERE AAMBHEAR EMEBERRMAS

&

15



5k

10

11

BR

1

HES R R
EEE0dHIN

HPRED) 20
R =R

2

BRI REREE
AR

MABER(EM) 2/0
2y EH

3

R AT REEE
2ok FA B

MEAIR(EE) 2/ E
F{yEEE

4

RS REREE
SEECLN

AR ES) 2/h
Eolinleatis

5

R AT REER
S aF SN E:

MEER(ET) 2/0E
HEE

6

BRI REER
o 2L AM:

MHERIR(EE) 20 E
SfrE

7

FHEALREER
2R 2UEM:

MHERER(RE) 2/)hE
H{UEE

8

R aT REEE
= ok FA B

MBAIR(EE) 20 E
Eolivl—3

9

B i
E T
MEER(ET) 20
giBE

10

Ea T AR
S ek 2L AM:

MEBER(ET) 2/0E
SR

11

FHRAA REEE
o 2L B:

MEAIR(EE) 20 E
HIEE

HETE

Course Introduction
CDS: Definition, Scope, and
Challenges

Brief History, Method &
Features

Case studies: Regenstrief
Medical Informatics

Case studies: Big Data
experience in Emergency
Room

Case studies: Brigham and
Women' s Hospital (BWH)

Case studies: Massachusetts
General Hospital (MGH)

Case studies: LDS Hospital
Experience

Penetration and Availahility of

CDS in Commercial Systems

Complex model issue

Human-Intensive Techniques

Weka, Machine Learning
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Course Introduction
CDS: Definition, Scope, and
Challenges

Brief History, Method & Features

Case studies: Regenstrief Medical
Informatics

Case studies: Big Data experience in
Emergency Room

Case studies: Brigham and
Women' s Hospital (BWH)

Case studies: Massachusetts General
Hospital (MGH)

Case studies: LDS Hospital
Experience

Penetration and Availability of CDS in

Commercial Systems

Complex model issue

Human-Intensive Technigues

Weka, Machine Learning
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